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ZI RS 7 ESOREE X S IME R, K
N HI 2 A 35 A U R i 1P 45
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BIRER  BRE  EHME EERER Fyi L 145

it BRA  BRA Lkgl %z T4
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3.1.2 WfEFEAT
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Accuracy = 75 +¥11: j}; +FN (24)
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SEREARM RS YRR A IE L, T FN (False Nega-
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-wlo G 93.89 95.43 92.24 93.40
-wlo V 88.81 89.15 87.29 88.01

7t Pheme ST BN Hd 45 b, Se#BIAL SG-
MAF ¥ BUS Btfe . RIS B R MmE S 3 i
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A, BIBESWE BER IR HABEE S ME.
T A AR A IR S RS (-wio
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NHIRRE M, ARSCHENNARY By & BEA LB A 52 37
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